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Abstract

Race (or skin color) have been not considered a salient political cleavage in Mex-
ico since the post-revolutionary, nation-making idea of mestizaje (intermingling
of races) claimed that there is a Mexican race created by mestizos. However, we
argue that voters have heterogenous race-based preferences that are rooted in a
latent race identity influenced by their party preferences and self skin color. To
test this argument, we implemented an online experiment during the 2018 elec-
tions for Governor of Mexico City. The treatment corresponded to photographs
of the candidates, in which the relative darkness/lightness of the candidate in
the photograph was manipulated to accentuate racial cues. Results show mixed
results regarding both the pigmentocracy and the in-group bias hypotheses. Re-
garding the former, we find that both the darker and lighter photographs of the
candidates decrease the favoring attitudes of voters towards them. On the lat-
ter, contrary to our expectations, we find that for darker skin individuals, the
treatment of darker photographs consistently decreases their favoring attitudes
towards the candidates. However results are not significant in any of the tests
due to power issues driven by problems with our recruitment strategy.
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In summer 2017, Santuario (2017) published the skin color PantoneTMof the deputies

in the Mexican House of Representatives. In his analysis the author shows that the

average skin color differs significantly from party to party. On the one hand, the PVEM,

an “ideologically flexible party” that openly advocated for the death penalty and got

the European Green parties to severed ties with them (Johnson 2012), with the lightest

skin colors. On the other hand, the PRD, a social democratic party considered for a long

time in Mexico the strongest bastion of the left (before its excision and the formation

of MORENA mid 2014). Santuario (2017) raises the following question: should the

skin tones be distributed uniformly across parties? This paper addresses this question

from a different non-normative angle. Since elected representatives seem to cluster in

different parties with regard of their skin color, we want to explore if this phenomenon

is driven by voters’ demand.1

Sociologist have noted that social boundaries based on race are weaker in Latin

America than in other areas of the world (Dixon and Telles 2017; Telles 2004). Nev-

ertheless, there is a growing empirical literature showing that skin color in the region

predicts social outcomes (Telles, Flores and Urrea-Giraldo 2015), and that darker in-

dividuals have been persistently disadvantaged (René and Edward 2012; Perreira and

Telles 2014; Telles 2004) and discriminated (Canache et al. 2014). Mexico’s hierarchi-

cal stratification based on skin color can be traced back to the colonial era, yet race

is not considered a salient issue that politicians consistently leverage in elections. The

main explanation behind is that for decades Mexican scholars viewed class as the most

important social cleavage and race (or color) as largely insignificant Gozalez Casanova

(1965). The idea that race is irrelevant is rooted in the post-revolutionary, elite led,

nation-making ideology of mestizaje (intermingling of races), which claimed that there

is a Mexican race created by the far-reaching mixing of races that made most Mexicans

mestizos (Knight 1990; Villarreal 2010; Dixon and Telles 2017). However, this do not

imply that race is unimportant for Mexican voters. We argue that voters have a latent

1Dunning (2010) addresses a similar question for Brazil. The author explores how the racial and
social class backgrounds of politicians interact to shape voters preferences over candidates and finds
no discernible effects of candidate race on evaluations of candidates.
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racial electoral cleavage that gets interacts with the voter’s ideological preferences and

explains why politician’s attributes vary across the ideological spectrum.

In part, our argument is grounded in the not-so-subtle racial connotations and

openly racist statements prevalent in Mexican politics. On the one hand, MORENA

is a self-described left wing political party whose name is an acronym that stands for

“National Regeneration Movement” (Movimiento de Regeneracion Nacional in spanish).

But morena is also the word used to describe a woman with dark skin2. On the other

hand, during the campaigns for the 2018 election, the national president of the PRI, the

broad center party that dominated politics for most of the twentieth century in Mexico,

addressing other party members in an electoral event, stated that those PRI-members

that changed party affiliation to MORENA are “prietos pero ya no aprietan” (Cruz

2018). His comment is a word play that exploits the “pri” syllable in both main words,

with a literal translation of “swarthy but not tight”. Prieto is not a racial slur, but is

pejorative term and Ochoa’s comments were largely perceived by the public as racist.

To test if voters have a latent racial electoral cleavage we implemented an online

experiment during the 2018 elections for Governor of Mexico City. Our explanations

are closely related to the social identity theory, which stresses that individuals are more

likely to attach positive attributes to their in-group members (Dunning and Harrison

2010; Gay 2002), and that individuals derive utility from observing in-group members

doing well with respect to other groups (Tajfel 1974). In particular we test if the skin

colors of candidates influences the voters attitudes towards the candidates and to what

extent this effect is enabled/disabled by the skin color of the voter.

The article proceeds as follows. Section 1 develops the main mechanism guiding

the hypothesis and data analysis. Section 2 presents the research design and a detailed

explanation of how the experiment was iimplemented. Section 3 will provide the main

and supporting preliminary empirical results and their interpretation. Finally, Section

4 concludes with a discussion of findings and their broader implications.

2Morena is an adjective that has been widely use to describe the Mexican Guadalupe Virgin for
example.
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1 Skin color: a latent shared identity in Mexico

Theres is a fluidity in social boundaries based on race in Mexico that has been exten-

sively described by social scientists (Telles and Sue 2009; Telles 2004). This fluidity

seems to be starker than in other countries in the region where social boundaries based

on race are also weak. In contrast to other countries in Latin America, for example,

there is no skin color based racial categories in the Mexican population census nor

any affirmative action policies based on skin color implemented by the state (Villar-

real 2010). However, just because race does not seem to be a salient issue, it does

not mean that Mexico’s hierarchical stratification based on skin color does not have

an effect on social, electoral and political outcomes. Skin color in Mexico is associ-

ated with different social outcomes, like socio economic status (Canache et al. 2014),

education (Telles, Flores and Urrea-Giraldo 2015) and health (Ortiz-Hernandez et al.

2011). For example, Arceo-Gomez and Campos-Vazquez (2014), find that firms in Mex-

ico discriminate against applicants who have darker phenotypes. Moreover, skin color

is associated with diverse political attitudes, such as trust in instutions and national

pride (Aguilar Pariente 2013).

Pigmentocracy refers to the hierarchy of skin color based on a continuum, with

the darkest tones at the bottom and the whitest on top (Lipschutz 1944). Mexico’s

pigmentocracy can be traced back to the colonial era. Like in many other places of

Latin America, mestizaje (or race-mixing), among the European colonizers and the

indigenous population, was prevalent and became a central pillar of nation building

and the Mexican identity. The elite led, nation-making ideology of mestizaje claimed

the existence of a Mexican race that made most Mexicans mestizos (Knight 1990;

Villarreal 2010; Dixon and Telles 2017), which made race-based distinctions irrelevant.

According to Gozalez Casanova (1965), for example, class is the fundamental driver of

inequality in Mexico, indigenous ethnicity is transitory and race or color is unimportant.

Yet, despite the symbolic glorification of the mestizo, a skin color hierarchy effectively

persisted (Telles and Sue 2009; Telles 2004).
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In Mexico there is a wide range of color and features in population, from white to

indigenous phenotypes, with all the mixed tones in between, and peoples surnames do

not necessarily provide information on the racial origin (Arceo-Gomez and Campos-

Vazquez 2014). Yet, citizens who self-identify as mestizos constitute a large part of

the population, but also sizable portions of the population self-identify as being white

(Canache et al. 2014). Since darker-skinned Mexicans are overrepresented at lower

socioeconomic positions, it is easy to see how class and race tend to overlap. Thus,

when parties and politicians focus their platforms and campaigns in a socio-economic

dimension, by appealing to a certain socio-economic class, they influence the racial

component of their followers. According to the social identity theory, individuals tend to

attach positive attributes to their in-group members (Dunning and Harrison 2010; Gay

2002) and derive positive psychological benefits from seeing members of their groups

do well with respect to members of other groups (Tajfel 1974; Lieberman 2009). In

American Politics, for example, research has shown that the ability to racially identify

with an elected official translates in higher levels of trust from the constituent (Gay

2002).

According to social psychological theory, in group bias in normal populations is

primarily a function of in-group positivity, with most groups engaging in in-group

favoritism (Brewer 2001; 1999). This tendency to privilege the in-group emerges in

response to the degree to which the group has become integrated into one’s sense of self

(Brewer 2001). Individuals tend to view one’s own group as vastly superior to an out-

group, which often (but not necessarily) is regarded as inferior.3 As per Brewer (2001),

the level of identification and assimilation with an in-group moderates the development

of favorable in-group attachments and attitudes, where increases in assimilation to one’s

in-group prompts more favorable attitudes towards the group. This process provides

foundation for the development of the in-group bias (Aberson, Healy and Romero 2000;

Hogg and Abrams 1988).

3However, research has also find that competition with other groups, or perceived external threat,
enhances positive affect toward the in-group and derogation towards the out-group (Sanders 2002).
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This experiment focuses on an online experiment during the 2018 election for Gover-

nor of Mexico City, where the treatment corresponds to photographs of the candidates,

in which the relative darkness/lightness of the candidate in the photograph was manip-

ulated to accentuate racial cues. We test two competing hypotheses: pigmentogracy

bias and in-group identification bias.

Pigmentocracy bias As mentioned before, Telles and Sue (2009); Telles (2004)

argues that the skin color hierarchy with lighter skin tones at the top and darker skin

tones at the bottom has effectively persisted. Thus, if there is pigmentocracy bias

among the Mexican population we would expect that regardless the skin color of the

voter, everyone to prefer lighter skin candidates. Hence, we expect that,

E[Y (Td)− Y (C)] < 0 (1)

E[Y (Tl)− Y (C)] > 0 (2)

where, Y corresponds to the support for candidate, Td is the darker skin treatment, Tl

is the lighter skin treatment and C is the control condition.

In-group identification bias Insofar as skin tone can be used as a cue for in-

group members to identify each other, we can assume that certain groups will perceive

certain skin tones to be more representative of their social group and therefore that

certain skin tones will activate stronger in-group bias from the voters and thus have an

effect in their preferences for certain candidates. Thus, if skin color based distinctions

in Mexico are irrelevant and people identify with an homogeneous “mestizo” race, we

would not expect in-group bias to arise. However, if skin color differences are important

and skin color is used to distinguish in-group members, we foresee the development of

in-group bias. Accordingly, we expect that,

E[Y (Td|m)− Y (C|m)] > 0 (3)

E[Y (Tl|m)− Y (C|m)] < 0 (4)

E[Y (Td|b)− Y (C|b)] < 0 (5)

E[Y (Tl|b)− Y (C|b)] > 0 (6)
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where, Y , Td, Tl and C are identical to their previous description, while m corresponds

to a dark skin tone of the respondent and b to a light skin tone of respondent.

2 Research Design

The use of social media venues such as Twitter has increased dramatically in the last

decade in Mexico and across the world. As in 2016, Mexico had around 35.3 million

monthly active users, being the second country in Latin America with most Twitter

users, just below Brazil with 40.7 million monthly active users. Social media has been

used as a venue for channeling social demands, and to mobilize people both from state

actors and non-state actors. Platforms such as Twitter and Facebook have served as

venues for political debate, promoting both: mobilization of social movements and state-

driven strategies to counterbalance them. For instance, there has been some journalistic

work that shows that government officials have used strategically bots, or fake accounts,

promoting the candidacy of certain officials (Klint 2014), and that hash-tag flooding

has been used to prevent mobilization of activists (Herrman 2017). Thus, we consider

that Twitter is an appropriate channel for recruiting participants for our experiment

because it has become an important venue for discussing political topics in Mexico.

On July 1st, Mexico held a series of concurrent elections, including the Presidential

election, and a set of local level elections such as Governor of Mexico City. We consider

that carrying out our experiment in the Mexican context, and in particular, for the

Mexico City election make a good scenario to study our research question for two

reasons. First, the 2018 elections will be a match between two parties/coalitions running

for the first time in a federal election. Mexico party system has been portrayed as two

two-party system that run parallel within the country4 (Klesner 2005). However, in the

past two years the opposition parties have experienced major transformation. In the left

end, the three times candidate for the Presidency and current front runner for the 2018

4Klesner (2005) Considered Mexico party system as two two-party system that run parallel in the
country. While the Norther region has been disputed by the PRI and the PAN, the Southern states
have experienced the competition between the PRI and the PRD.
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presidential election, Andres Manuel Lopez Obrador, left the PRD and formed his own

party (MORENA) in 20145, attracting militants not only from the PRD, but also from

political actors from all over the spectrum. In the right end, the PAN suffered important

splits too. Members such as the former First Lady and federal deputy Margarita Zavala,

left the party and decided to run as independent candidate in the Presidential Election.

These fractures have been translated into a process of ideological realignment: while the

right party (PAN) is currently running both at the national and local levels in coalition

with the center-left party (PRD), the leftist MORENA has made alliances with a right

wing conservative party (PES). This reconfiguration of the Mexican party constellation

represents an opportunity for capturing how cues such as group identification affect

voter support for a candidate, where strong party affinities may have vanished in a

context of ideological realignment.

The second reason for running the experiment in the Mexico City context is related

to the level of exposure of the candidates. In an era of high exposure to social media

and a constant doze of candidate images, altering the appearance of a candidate may

not be as effective when the candidate has been very well known for decades, such

as the front runner Lopez Obrador. Therefore, we consider that focusing on a local

level election such as that from Mexico City is appropriate for this research project,

where the two front runners are well known but less omnipresent than the presidential

candidates.

To test our hypothesis we implemented an online experiment where the treatment

corresponded to photographs of either one of the two most popular candidates, in which

the relative skin color of the candidate in the photograph was manipulated to accen-

tuate racial cues. These pictures consist on a lighter and a darker version of the two

front runners for the Mexico City Governor election. On the one hand, we have Clau-

dia Sheinbaum, the candidate from the coalition MORENA-PES-PT “Juntos haremos

historia”. On the other hand, Alejandra Barrales, corresponds to the representative of

the left-right coalition PRD-PAN “Por la CDMX al Frente”. It is worth noting that

5In 2011 MORENA was a civil association and in 2014 got the character of Political Party.
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despite running as the candidate of the coalition PAN-PRD-MC, Alejandra Barrales is

mostly identified as a candidate of the PRD, since she has been affiliated with the PRD

since 2002 and was President of the PRD from 2016-2017. Thus, it is not an overstate-

ment that both front runners represent different variations of what is understood as the

Mexican Left. Since both candidates are women, we are able to hold gender constant,

and avoid problem of confounding gender in the treatment.

2.1 The Experiment

Figure 1: Steps of the experiment. The actions taken in this flow chart are performed
by one Twitter Account. AS is the account in charge of recruiting participants.

The experiment was carried out on Qualtrics, while participants were recruited on

Twitter. The Twitter recruiter account AS, was the first interaction between the ex-

perimenters and the participants. The recruiter account was described as an account

researching elections in Mexico. Under the name @ConocelosCDMX, AS was in charge

of recruiting participants by promoting a paid survey through Twitter ads targeted to

the Spanish speaking population of Mexico City, exploiting the geolocalization algo-

rithms of Twitter. People who received the promoted tweet by our recruiter account

were invited to click on a link pointing to our baseline survey on Qualtrics. In ad-

dition, AS was also in charge of contacting the participant that won the lottery via

direct message. As a summary, Figure 1 displays the steps in the implementation of

the experiment.
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2.1.1 First stage: Recruitment

Our population of interest consists on Twitter users in Mexico City. To recruit in-

dividuals for the survey, AS reached out to our population of interest via a Twitter

advertisement. Even if we could not control on who is exposed, the only selection cri-

terion for the ad was localization in Mexico City, hence avoiding any possible selection

bias in the composition of the sample. The advertisement was visible in the personal

feed of all users targeted by Twitter.

As mentioned before, to recruit individuals for the survey, the recruiter reached

out to the population of interest via a Twitter advertisement. This ad promoted the

participation in a social science research project, whose participation involved answering

a survey, in exchange of entering a lottery for a gift card worth 140 USD (2,500 MXN,

approximately). People who take part in the survey were invited to follow the recruiter

for the length of the experiment, so they can be contacted through a direct message in

case winning the lottery. Moreover, getting the Twitter user names lets us cross validate

that the survey is being answered by the appropriate population of interest and not

anyone with the URL to the survey. The survey first asks a series of basic socioeconomic

characteristics such as age, sex and education level. As well as self-reported political

characteristics such as political ideology and party identification. Then, participants

wee randomized into our treatment and control groups.

2.1.2 Second stage: Treatment administration

The treatment was embedded in the survey and consists in a picture of one of the two

candidates in which the relative lightness/darkness of the candidate has been manipu-

lated to accentuate racial cues. In this, we follow the strategy of Nevid and McClelland

(2010). As mentioned before, participants were randomized into either treatment-dark,

treatment-light or control groups. We expect each group to have around 300 partici-

pants. Figure 3 displays which treatments were implemented for each of the six groups.

In addition to the treatment picture, we provided basic information (office and period
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Figure 2: Sample Recruitment Ad

they are running for, full name and party/coalitions they are running with). Figure 4

shows an example of how the treatment-dark for both candidates would look like.

In the same survey, right after the administration of the treatment, we proceeded

to collect the individuals political attitudes and preferences regarding support for the

candidates. The intuition is that the attitudes toward the candidates will be affected

by the exposure to treatment and that we will observe an effect of skin color in political
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Figure 3: Treatment conditions.

Figure 4: Sample Treatment. Dark skin condition

preferences, conditioned on the ideological stance of the participant. In addition, since

we hypothesized that skin color can affect the attitudes towards a candidate as a result of

a in-group identification mechanism, we need to collect information on the participants’

skin color. For this purpose, we included a question on self-reported skin color, using

a color palette adjusted for the Latin American context, developed by the Project on

Ethnicity and Race in Latin America.
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3 Results

3.0.1 Pigmentocracy bias

(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 5: Pigmentocracy Bias

First, we examine whether there exists a pigmentocracy bias among the participants

in our experiment. Pigmentocracy bias implies that the darker photo treatments of

both candidates induce a negative effect in the favoring attitudes of the participants

towards the candidates and the lighter photo treatments induce a positive effect in the

favoring attitudes of the participants towards the candidates. Figure 5 presents the

results. Results show that both treatments, the darker and lighter photos, decrease

the favorable attitudes towards the candidates. We find the direction of this effect

to be consistent across almost all measures of positive attitudes (such as measures of

favorability, trust and expected performance).6 This results are not consistent with

the expectation, since we hypothesized heterogeneous effects depending the type of

6The exact formulation of the questions in Spanish as implemented, and their English language
translation can be found in the Appendix.
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treatment. Moreover, we find that for negative attitudes (such as being harmful for the

City), treatment dark decreases the negative attitudes, while treatment dark increases

them, which is not consistent with the theoretical expectations. The inconsistency of

results could be signaling a problem with the credibility of treatments. Since candidates

are well known public figures, respondents may be identifying something strange or

peculiar in the treatment photos. In turn, this may render them wary and decrease

favorable attitudes towards the depicted candidates in treatment. Given the universal

use of photo-editing in electoral campaign adds, the question emerges: do edited photos

negatively affect the political attitudes of voters? We intent to further explore this in

future research.

(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 6: Pigmentocracy Bias (Opinions of the Opposition Candidate)

Next, we examine the pigmentocracy bias hypothesis from a different perspective.

Since racial cues could be overly mediated by socially desirable behavior, implicit social

desirability bias may induce individuals not to judge negatively a darker person, but

instead to favor the lighter option. Thus, we expect treatment dark to induce a positive
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effect in the favoring attitudes of the opposite candidate, instead of inducing negative

attitudes of the candidate in the treatment. Figure 6 presents the results. Overall,

we find that treatment dark increases the favorability, trust and favoring expectations

of performance for the opposite candidate. Yet, the pattern for treatment light is

not consistent across all measures. We attribute this difference in patterns to the

fact that social desirability bias may not affect how individuals judge and perceive

lighter individuals. When judging a lighter person, individuals may not feel induced to

attribute certain characteristics to an alternative candidate. Moreover, when focusing

on how treatment affects the difference in opinions between candidates, we find that

both treatment dark and treatment light reduce the gap of opinion between them

(results shown in the Appendix).

(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 7: Pigmentocracy Bias: Heterogeneous Effects by Candidate

Finally, we examine if there are heterogeneous effects depending on the candidate

used to apply treatment. Figure 13 presents the results. Where AB corresponds to

the treatments of candidate Alejandra Barrales and CS correspond to the treatments
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of candidate Claudia Sheinbaum. L denotes the treatment using the lighter photos

while D denotes the treatment using the darker photos. O denotes the control group,

where the original photos of the candidates where used. In general, we do not find a

significantly different pattern than the one observed when we analyzed the aggregated

data. However, unlike with Alejandra Barrales who appears to be better evaluated

when depicted darker, when treatment dark is implemented with Claudia Sheimbaum,

it consistently decreases positives attitudes towards her. Results for the heterogeneous

effects when considering the opinions of the opposite candidate can be found in the

Appendix.

In addition to testing each outcome separately, we perform a summary index test

that pools multiple outcomes into a single test. Following Anderson (2008), the sum-

mary index provides a test for whether the treatments have a general effect on a set

of attitudes. Summary indexes can reduce random error in each outcome measure by

combining data from multiple outcomes. The summary index is constructed so that it

can be interpreted as the average of results for separate measures scaled to standard

deviation units, since it represents a weighted mean of different standardized outcomes.

Following Kling, Liebman and Katz (2007), if a respondent has a valid response to at

least one component of the index, missing values for other components are imputed at

the group mean. This generates differences between treatment and control means of the

index being the same as the average of treatment and control means of the components

of the index. The weights are calculated to maximize the amount of information cap-

tured by the index. Following Anderson (2008), first the outcomes (favorability, trust,

expected performance, beneficial for people like you and harmful for city) are coded for

positive directions to indicate more conservative attitudes and normalized by dividing

them by its control group standard deviation. Then, a new variable that represents

the weighted average of the normalized outcomes is created. For each outcome, the

weight equals to the sum of its row entries in the inverted covariance matrix. Results

with the index (Figure 8) are consistent with the previous findings, that both treat-
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ments, the darker and lighter photos, decrease the overall favorable attitudes towards

the candidates.

Figure 8: Pigmentocracy Bias: Summary Index

3.0.2 In-group bias

(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 9: Ingroup Bias

Second, we examine the in-group bias hypothesis. In-group bias implies that darker

(lighter) photo treatments induce a negative effect in the favoring attitudes of the

light (dark) skin colored participants, while lighter (darker) photo treatments induce a
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Figure 10: Ingroup Bias: Summary Index

positive effect in the favoring attitudes of light (dark) skin colored participants. Figure

9 presents the results. As in the previous tests, we find no significant evidence for the in-

group bias hypotheses. Overall, we consistently find that lighter and darker individuals

respond different to treatment. On the one hand, self identified darker respondents tend

to be more aware of skin tone manipulations and consistently decrease their favoring

political attitudes and decrease their negative attitudes when any kind of treatment

is applied. On the other hand, self identified lighter respondents react positively for

both treatment dark and treatment light. This pattern is even more apparent when we

examine the results with the index (Figure 10).

Despite not finding evidence for the in-group bias hypothesis, we find a puzzling

pattern: treatment dark particularly induces a negative effect (larger that treatment

light) in the favoring attitudes of dark respondents. This could indicate that the pig-

mentocracy bias is contingent on skin color. Darker individuals may be more aware of

skin tone differences and thus may have deeper internalized the hierarchy of skin color

that places the darkest tones at the bottom. A similar pattern appears when focusing

on how treatment affects the difference in opinions between candidates, we find that

among dark individuals any treatment reduces the gap of opinion between the candi-

dates, while among light individuals the gap either increases or does not change (results

shown in the Appendix).

Next, we examine if there are heterogeneous effects depending on the candidate used

to apply treatment. Figure 11 presents the results. Just as before, AB corresponds to
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(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 11: Ingroup Bias: Heterogeneous Effects by Candidate

the treatments of candidate Alejandra Barrales and CS correspond to the treatments of

candidate Claudia Sheinbaum. L denotes the treatment using the lighter photos while

D denotes the treatment using the darker photos. O denotes the control group, where

the original photos of the candidates where used. Overall, we do not find that the

treatments affect the individuals favorable attitudes towards candidates conditional on

the individuals skin color consistent with our expectations. In particular, we do not

find heterogeneous effects depending on the candidate used to apply treatment. The

only exception is the effect on negative political attitudes, dark and light respondents

behave consistently different depending on the candidate depicted in the treatment.
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4 Challenges and Next Steps

We faced two main challenges on the implementation of the online experiment. The

first challenge has to do with sample size and the second with respect to the sign of our

results. First, regarding the sample size, our recruitment procedure overestimated the

reach of our online campaign to attract respondents. In order to recruit respondents, we

used targeted campaigns on the two weeks prior to the election day in Mexico. While

we estimated to have a reach of around 150 to 200 respondents per day, there were

some days that we were able to collect less than 30 responses. In order to deal with this

problem, we had to adjust the algorithm of reach. However, we lost a several recruitment

days due to this issue. In a similar note, a large proportion of our respondents did not

consent to use their information at the time of debriefing the purpose of the study by

the end of the survey. While the first problem, the reach of the campaign, could be

solved with a more monetarily attractive lottery to expand the reach of the campaign

(140 USD was the maximum aloud by the IRB for this experiment), the second has no

clear solution.

According to our power analysis, we needed a sample of at least 1368 participants

randomly assigned into treatment and control.7 This means that we needed around

685 respondents in each group (treatment dark, treatment light and control). On

average, each of our groups has only 212 respondents. This final sample does not include

individuals that withdrew their consent after the debriefing, respondents that did not

finish the survey nor participants that did not answered correctly the manipulation

check.

The second challenge has to do with the direction of the found effects. Our exper-

imental treatments were a light and a dark alteration of the skin tone of two political

candidates running for office in the Mexico City governor election. We hypothesized

that these treatments would have treatment effects of opposite signs. However, even

7Power analysis was calculated with an expected treatment effect size of 5 and a standard deviation
of the outcome variable of 32. With a larger expected effect size a smaller sample is needed. A treatment
effect size of 10 with the same standard deviation of the outcome variable calculates a sample size of
at least 171 participants per group (treatment dark, treatment light and control).
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when finding non statistical significance of the results, the sign of the effects were in

most cases non opposite but equal. While the non statistical significance of the results

can be attributed to some extent to an under-powered sample, the congruence between

the sign of the treatments could be statistical noise, but also asks for a revisit of our

theory and predictions. Another non conflicting explanation of the congruence between

the signs of the two treatment effects could be attributable to the design of the treat-

ments itself. It is possible that the skin alteration was non credible for the users, or

raised doubts that ultimately affected the perceptions of the candidates, regardless of

the specific color alteration.

As of next steps, we plan to proceed in two paths. First, in order to deal with the

sample size challenge, an option is to move to a social network with higher reach at

potentially lower cost, such as Facebook. Second, we intend to move from a setup closer

to ‘real life’ such as ads during electoral season, that give greater external validity, to a

laboratory setup that could help us understand better the effects of the experimental

manipulation. Conducting a lab experiment, while compromising the external validity

of the study, will help us examine more in detail the mechanisms at play derived from

the experimental manipulations, in a context with higher control over the information

that the subjects are receiving. In the Twitter context, it is impossible to know on what

conditions are the respondents answering the survey, thus compromising the potential

effect of the treatment.
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Appendix

Balance Tables

Table 1: Balance test: AB Dark treatment

mean control mean treatment test statistic p-value

age 31.822 32.213 -0.295 0.768
sex 0.437 0.402 0.580 0.563

educ 0.630 0.693 -1.081 0.281
votelast 0.763 0.756 0.133 0.894
ideology 3.770 3.630 0.872 0.384

partyid.morena 0.333 0.307 0.454 0.650
partyid.pan 0.230 0.268 -0.710 0.478
partyid.prd 0.030 0.063 -1.277 0.203
partyid.pri 0.067 0.079 -0.374 0.708

never.morena 0.252 0.307 -0.993 0.322
never.pan 0.074 0.071 0.100 0.921
never.prd 0.030 0.016 0.756 0.451
never.pri 0.496 0.441 0.895 0.371

skin 4.326 4.299 0.153 0.879

Table 2: Balance test: AB Light treatment

mean control mean treatment test statistic p-value

age 31.822 32.472 -0.468 0.640
sex 0.437 0.425 0.194 0.846

educ 0.630 0.689 -0.960 0.338
votelast 0.763 0.708 0.962 0.337
ideology 3.770 3.594 1.098 0.273

partyid.morena 0.333 0.387 -0.854 0.394
partyid.pan 0.230 0.208 0.411 0.681
partyid.prd 0.030 0.057 -1.003 0.317
partyid.pri 0.067 0.075 -0.262 0.794

never.morena 0.252 0.255 -0.051 0.960
never.pan 0.074 0.057 0.547 0.585
never.prd 0.030 0.038 -0.342 0.732
never.pri 0.496 0.538 -0.637 0.525

skin 4.326 4.406 -0.413 0.680
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Table 3: Balance test: CS Dark treatment

mean control mean treatment test statistic p-value

age 33.175 33.918 -0.536 0.592
sex 0.412 0.452 -0.696 0.487

educ 0.725 0.692 0.636 0.525
votelast 0.769 0.712 1.121 0.263
ideology 3.688 3.568 0.768 0.443

partyid.morena 0.344 0.329 0.276 0.783
partyid.pan 0.244 0.233 0.222 0.824
partyid.prd 0.031 0.055 -1.006 0.315
partyid.pri 0.119 0.130 -0.300 0.764

never.morena 0.312 0.342 -0.556 0.579
never.pan 0.056 0.062 -0.199 0.842
never.prd 0.012 0.027 -0.921 0.358
never.pri 0.500 0.493 0.119 0.905

skin 4.331 4.274 0.377 0.706

Table 4: Balance test: CS Light treatment

mean control mean treatment test statistic p-value

age 33.175 33.636 -0.316 0.752
sex 0.412 0.491 -1.269 0.206

educ 0.725 0.745 -0.374 0.709
votelast 0.769 0.764 0.097 0.923
ideology 3.688 3.755 -0.381 0.703

partyid.morena 0.344 0.345 -0.029 0.977
partyid.pan 0.244 0.255 -0.200 0.841
partyid.prd 0.031 0.018 0.694 0.488
partyid.pri 0.119 0.091 0.740 0.460

never.morena 0.312 0.345 -0.563 0.574
never.pan 0.056 0.082 -0.799 0.425
never.prd 0.012 0.009 0.269 0.788
never.pri 0.500 0.418 1.326 0.186

skin 4.331 3.982 1.931 0.055
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Table 5: Balance test: Dark treatment

mean control mean treatment test statistic p-value

age 32.556 33.125 -0.590 0.556
sex 0.424 0.429 -0.116 0.907

educ 0.681 0.692 -0.281 0.779
votelast 0.766 0.733 0.919 0.359
ideology 3.725 3.597 1.150 0.251

partyid.morena 0.339 0.319 0.514 0.607
partyid.pan 0.237 0.249 -0.327 0.744
partyid.prd 0.031 0.059 -1.613 0.107
partyid.pri 0.095 0.106 -0.447 0.655

never.morena 0.285 0.326 -1.065 0.287
never.pan 0.064 0.066 -0.074 0.941
never.prd 0.020 0.022 -0.135 0.892
never.pri 0.498 0.469 0.701 0.484

skin 4.329 4.286 0.376 0.707

Table 6: Balance test: Light treatment

mean control mean treatment test statistic p-value

age 32.556 33.065 -0.504 0.615
sex 0.424 0.458 -0.777 0.438

educ 0.681 0.718 -0.884 0.377
votelast 0.766 0.736 0.771 0.441
ideology 3.725 3.676 0.414 0.679

partyid.morena 0.339 0.366 -0.624 0.533
partyid.pan 0.237 0.231 0.153 0.879
partyid.prd 0.031 0.037 -0.400 0.689
partyid.pri 0.095 0.083 0.455 0.649

never.morena 0.285 0.301 -0.396 0.692
never.pan 0.064 0.069 -0.224 0.823
never.prd 0.020 0.023 -0.214 0.831
never.pri 0.498 0.477 0.478 0.633

skin 4.329 4.190 1.048 0.295
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(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 12: Pigmentocracy Bias (Differences in opinions between candidates Alejandra
Barrales and Claudia Sheinbaum)
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(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 13: Pigmentocracy Bias (Opinions of the Opposition Candidate): Heterogeneous
Effects by Candidate
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(a) Favorability (b) Trust

(c) Expected Performance (d) Harmful for City

Figure 14: In-group Bias (Differences in opinions between candidates Alejandra Barrales
and Claudia Sheinbaum)
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